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ABSTRACT
For large-scale urban system simulations the computing power of traditional workstations is not sufficient.
The move to High Performance Computing clusters is a viable solution. Users of such simulations are
domain experts with little knowledge in computer science and optimization of such simulations. The access
to HPC resources is also not available. Vendors have not sufficiently addressed this. This leads to the
conclusion of moving the computational demand to the cloud, where the on-demand culture for resources
has been expanding. In this tutorial we will present an approach of how to work with an entirely cloud-based
solution for modeling and simulation, with an exemplary implementation of an urban traffic simulation
cloud service. Since the computational offload from the workstation to a remote computing entity also
allows the use of novel user interfaces (design and devices), through the use of RESTful interfaces, use-case
applicable interfaces for simulations can also be created.
1

INTRODUCTION

There have been many simulation studies that use agent-based models to simulate complex systems. Such
systems are related to urban systems such as transportation (Daamen 2004) (Yang, Koutsopoulos, and BenAkiva 2000) and social sciences (Aydt, Lees, Turner, and Cai 2014), climate sciences (Saitoh, Shimada, and
Hoshi 1996) (Wagner, Viswanathan, Pelzer, Berger, and Aydt 2015) or energy studies (Pelzer, Ciechanowicz,
Aydt, and Knoll 2014) (Pipattanasomporn, Feroze, and Rahman 2009). The complexity of such simulations
has already been recognized as large. Therefore, climate models are already computed on dedicated
supercomputers. At the same time, traffic engineers are still using workstation computers to simulate traffic
phenomena. With an increasing granularity of models or the size of road networks, workstation computers
with their limited computational resources are no longer feasible. Similar developments can be seen with
crowd simulations or agent-based models of energy systems. A large-scale agent-based simulation of i.e. an
urban traffic system with several hundred thousand agents has to be run on a high performance computing
(HPC) system in order to obtain results quickly. Even if the execution time is not of major concern to
the simulator, the physical constrains of the hardware resources of current workstation computers is very
limited. This means that it is impossible to hold the state of several thousand agents in main memory
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and retrieve it when needed. The typical users of such simulation systems are transportation engineers,
social behaviour scientists or urban policy makers. These users do not have the expertise in computer
science, nor access to high performance computing clusters. With the onset of cloud computing, the
availability of high performance hardware has improved rapidly. HPC-like resources are readily available
via cloud computing providers. Google Compute Engine (GCE) and Amazon EC2 , just to name a few,
offer on-demand computational resources without any upfront costs.
The rest of this tutorial paper is structured as follows. We will be introducing the topic of cloud
computing and focussing advances in the applications of cloud computing for simulation and research.
Afterwards, we are going to elaborate on the back-end services necessary to enable an agent-based simulation
cloud services and will then show an exemplary implementation of a cloud service for an agent-based
nanoscopic traffic simulation called SEMSim traffic.
2

CLOUD COMPUTING

The infrastructure services include (virtualized) hardware resources in form of computing, networking and
storage services. Whereas PaaS offers database, APIs or execution run times that can be used by developers
to program against. The SaaS takes the services idea one step further by providing web-based application
(-suits) like email or document editors. Figure 1 shows how services can be built up from IaaS, with client
devices or thin-clients using it at the highest level. This does not mean all PaaS or SaaS have to be built
on top of IaaS. At any level, a dedicated solution is also viable. It might even be favourable to base a
PaaS on real hardware in order to optimize the performance as opposed to using the general purpose or
virtualized hardware.

Clients
brower,
mobile-app
thin clients

SaaS
Email, office
software, chat,...

PaaS
execution runtimes, database,
http servers, tools, APIs,...

IaaS
virtual machines, servers, back-end storage,
network,...

Figure 1: Hierarchy of current cloud services
All Cloud Service Providers (CSP) that offer infrastructure resources offer APIs and SDKs for convenient
access to create, maintain and deallocate resources on demand as well as a web interface for manual control.
This allows developers to dynamically scale their applications on demand. Such scaling and deployment
strategies are highly flexible and can be adopted by the scientific community, where sometimes a lower
budget for experiments can be overcome by longer running experiments and vice versa. The pricing
model is usually time-based pricing, on actual usage. This is schematically illustrated in Figure 2. A
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continuous-use policy is also in place for some providers, where a discount is offered when resources
are used for a larger period of time. This is visible in the different slopes between the continuous and
non-continuous cloud-usage model. When using cloud-based resources continuously for a longer period
of time, it will eventually equalize the higher upfront costs and the maintenance cost of a dedicated HPC.
Should the resources only be used when needed, the cloud solution provides a better cost model. There is
also no maintenance and upgrade necessary that would increase the cost while at the same time having the
resources unavailable to use. It has also been shown that the performance of cloud-based infrastructure for
simulations is not much worse then dedicated hardware (Taylor, Anagnostou, Kiss, Terstyanszky, Kacsuk,
and Fantini 2014),(Zehe, Grotzky, Knoll, Wentong, and Aydt ).
total
cost

break-even
point
Maintenance
+ Upgrade

upfront
cost
non-use of
cloud instance

dedicated HPC node
continuous cloud use
non-continuous cloud use

total
runtime

Figure 2: Schematic cost-difference model between dedicated resources and cloud resources in continuous
and non-continuous use
A rather new technology connected to cloud computing is Docker (http://www.docker.com). It is
a container engine that runs (but does not have to) on IaaS and encapsulates a full runtime operating
system stack without the overhead of a virtual machine. This allows a user to run many containers on
the same physical or virtual machine with completely different software dependencies. Since this offers
a standardized interface to the underlying OS, it runs on any computational resources that uses docker
without any configuration or installation. This enables developers not only to ship their applications, but
also to ship the entire execution environment with it.
2.1 Simulations in the Cloud
Cloud-based services have been very successful for Web 2.0 applications as a back-end for mobile applications. There are some commercial applications available that offer Simulation Software as a Service (SSaaS).
The research project CloudSME (http://cloudsme.eu) is concerned with the use of cloud-based simulations for
the manufacturing and engineering industry. This project has shown its potential for being a viable option to
be used for cloud-based modeling and simulation (Taylor, Anagnostou, Kiss, Terstyanszky, Kacsuk, and Fantini 2014). SimScale (http://www.simscale.de/) and AutoDesk (http://www.autodesk.com/products/sim-360)
both offer simulation services for computer aided design models. The simulation services include simulationbased tests for fluid-dynamics, structural mechanics and thermal evaluation on digital prototypes. Another
example is Rescale (http://www.rescale.com) which offers a cloud simulation platform. Their approach is to
give researchers an easy to use web-interface for creating and starting experiments and simulations as well
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as allowing some basic data analysis. Their catalogue of simulation software includes among other tools for
finite element analysis, fluid dynamics and molecular dynamics from different software providers. In the
scientific community, cloud-based computing infrastructure is used to give researchers the opportunity to
execute proof-of-concept studies without the risk of investing in expensive hardware (Huqqani, Li, Beran,
and Schikuta 2010).
3

BACKEND SYSTEM DESIGN

In this section we are going to introduce the back-end components of a Cloud service for agent-based
simulations. An illustration on how the individual components work together in the back-end is given in
Figure 3. It shows that the user input from the front-end in the form of RESTful API calls can trigger
different back-end responses.

Typed Models

Executables

Repositories
private

public

Raw Models

Sources

Cloud
Compiler

Execution
Environment

Data Sink
+

live data

all data

Input Data

+

Server

+

USER
Figure 3: Cloud Simulation back-end services. This includes the coordinating server, repositories, a cloudbased compiler, the actual execution environment and a data sink that will hold the output of the simulation
experiments.

3.1 Model and Type Repositories
A model in the cloud-based simulation service is defined as a class or a set of classes written in C++ that
define a certain behavior depending on the parametrization and the current values of the input parameters.
Such models of a specific component in an agent-based simulation can be developed by domain experts.
These models are to be parametrized in order to be used in a simulation. The parametrization has to be
done in a way that the execution of the model represents the modeled real-world as closely as possible.
This process is called calibration. Since calibration of a model always depends on the real-world scenario
that it is intended to be used in, there can be different parameterizations of the same underlying model.
Such parametrized models are called types in our simulation. Since both, the raw models and the types can
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later be used to compose simulation experiments, a repository of storing them is necessary. The description
of a raw model is a list of parameters a certain model can have in the simulation, whereas the type is one
combination of these parameters with values. There are public and also private repositories for models and
types. A public repository allows text-book models and their types to be used as a starting point or for
simulations that do not have the focus on this model. It allows users to concentrate on developing novel
models instead of recreating trivial models over and over again.
3.2 Cloud Compiler
In order to develop models that can be used for the cloud-based simulation platform, models can be
developed by domain experts in the high or low level language in which the simulation is written. Should
the source code be available to the developer of the model, this can be done on the respective computer of
the developer. In order to reduce the installation time overhead, a compilation environment in the form of a
pre-configured Docker container can be obtained and used for compilation checking. The source file should
then be submitted to the cloud compiling platform, which takes care of creating the final executable. Base
source files are modified by the user as shown in Figure 3 and then compiled in order to create executables
that can be run later. If the entire source code cannot be made available to all developers, an alternative
option would be to offer a web-based model editor and compilation checker, that allows to create or extend
models. Along with a new or changed model, the developer has to provide a list of parameters, that can
be used for parametrization of the model. This list should also contain a hint to what kind of input is
to be expected by the simulation at runtime, reaching from different data types (int, double, float, string,
boolean,...) to a fixed value or a given distribution. In addition to the pure source code, a model directory
for each binary is created that is then used to determine which types are accepted by the simulation at
execution.
3.3 Execution Environment and Encrypted Data Repository
All simulations are executed on infrastructure resources obtained from CSPs. Depending on the size and the
estimated resource consumption, a virtual machine will either be entirely used by one simulation experiment
run in a pre-defined docker container or several docker containers will be run on one virtual machine. This
is only advisable for simulation with a low resources footprint. The resource specifications of the VM
also depend on the size of the experiment, the time and financial constrains given by the experimenter.
Since each simulation needs input data, this will be provided by the input data repository, which stores
user-specific, but also general encrypted input data. This data will then be decrypted at runtime, where a
decryption key needs to be provided through the front-end user interface or a Machine-to-Machine interface
in the form of a key server.
3.4 Data Output
Data output can be provided using either a real-time stream of certain variables from the simulation or as
part of a data dump for post simulation analysis. For the first option, a mechanism within the front-end
interface, as well as the simulation, has to be implemented in order to allow for such data extraction.
The experimenter needs to provide a (TLS-)secured end-point for the real-time data stream to which the
data will then be streamed. The second option, of storing the simulation results locally only requires the
specification of the state variable that is required. This will then be written to a file or database and stored
on a cloud storage solutions for easy access by the experimenter. All persistently stored simulation data
will be encrypted, using a key that is provided to the user at the start of the simulation. A download link
will has to be provided to the user, from which a download or a transfer to a different cloud resources
will be initiated. The simulation results will be deleted shortly after the simulation ends since the space
constraints are also a factor that increases the cost.
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3.5 Server
In order to coordinate the compilation, the storage and retrieval of the models as well as types, the preparation
of the execution environment for simulations and the data output, a centralized server has to be in place.
This server also takes care of starting multiple instances for a given experiment in order to reduce the error
in a stochastic simulation or to do a parameter sweep of a given input variable. Another responsibility
of the server is the allocation of output data storage and user management in order to notify a user of
simulation status and provide information about the location of output data. All user interactions with the
server are done through RESTful API calls from front-end applications.
4

EXPERIMENTS

In this section we want to show an exemplary demonstration of a large-scale agent-based simulation
modeled, parametrized, executed and analyzed in the cloud. For this, we are using an agent-based traffic
simulation engine. The entire front-end is communicating via a RESTful API with the back-end server
as outlined in Section 3. This enables different user interfaces (apart from the web-based shown in this
section) to be developed by third parties. Since all steps related to running a simulation experiments are not
run on a workstation computer, the user-interfaces can be different. A web-based approach is the smallest
common denominator for a large variety of devices from small form factor mobile phones to tablets and
even TV screens or video walls. A custom interface for the specific input method is always preferred, since
a better user experience increases the acceptability by the respective user. This is especially important for
the data analytics and visualization components. A novel approach to not only display but also interact
with live or history data can help users to understand the complex results generated by large urban-systems
simulations.
4.1 SemSIM Traffic
The Scalable Electromobility Simulator (SEMSim) Traffic is an agent-based traffic simulation that is used
in the context of the SEMSim platform, which also includes a power system simulation. This allows for
a holistic electromobility simulation of an entire city, not only looking at the traffic but also the power
systems angle of electrification of current and future mega-cities. The scope of our electromobility research
is currently limited to Singapore as a current mega-city, but the developed methodology can be easily
transferred to other cities and regions as well.
In order to evaluate the complex interactions between the traffic of a city and its power system,
SEMSim Traffic’s major difference is in the level of detail in comparison to existing traffic simulation
platforms (e.g., MATSim or SUMO). Within a SEMSim Traffic simulation every agent is represented as a
so-called driver-vehicle-unit (DVU) which consists of driver behavior models as well as vehicle component
models. These models can include drive-train models, models for air-conditioning or the battery pack of
an electric vehicle. SEMSim Traffic simulates the traffic on a lane-level resolution which qualifies it to be
a microscopic simulation. However, due to the fact that the internal state of a vehicle is also expressed
through a model, we refer to it as a nanoscopic simulation. Unlike in time-stepped simulation tools, a
discrete event simulation engine allows to not recalculate the state of the simulation every time step, but
when events occur at arbitrary times. This gives the flexibility to vary the the update of certain models
more infrequent than others (e.g., moving agents on the network vs. charging behavior). The interaction of
the different possible models within the traffic simulation SEMSim Traffic and a power system simulation
on the different abstraction levels is shown in Figure 4.
The input data for a SEMSim Traffic based simulation experiment is rather small. A road network that
is on a lane-level accuracy and is directly connected to a routing model which works on a link-base and
is solely used for calculating routes for the agents in the simulation. Different kinds of routing modes are
possible. Depending on the weighting of individual links, a distance or travel time based routing network
might be preferred. In addition to this, only two more input files are necessary. One defines the working of
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Figure 4: Overview of system, sub-system and component level entities of the SEMSim Platform
traffic lights at intersections and the other one the travel patterns. This is a tempo-spacial origin-destination
matrix for the travel behaviors of a megacity like Singapore for a day. It can be differentiated between
travel patterns on weekdays and weekends. On weekdays the main travel routes are between the residential
areas and work areas, whereas on weekends the leisure and commercial districts are the main destinations.
4.2 Experimentation Workflow
Since the simulation is going to be run on infrastructure in the cloud that could potentially be unsafe,
data security is crucial to ensure confidentiality between data provider and researchers. Therefore, all
input data is encrypted and will never be available in unencrypted form, except in the simulation itself.
The only application that is not cloud-based is a small tool, to encrypt input data. It takes any kind of
input data and encrypts it using a AES CBC encryption mechanism with a 32 bit Key (Ehrsam, Meyer,
Smith, and Tuchman 1978). It creates an encrypted file format that can later be read by the simulation
at initialization. Any output data created will also be encrypted the same way should an output file be
generated: live-streamed data expects a TLS secured endpoint that at least offers channel security. The
decryption key can be provided in one of two ways, either by having a dedicated key callback server that
provides the key when needed, or by providing the key on demand on the web-site or a mobile device.
One of the models that can either be uploaded if acquired from a third party or created from scratch
is a road network model. Even tough for many experiments a real-world and large scale road network is
necessary, for some experiments an artificial traffic network is required. The network editor in the SEMSim
Cloud Service helps the researcher to manage, upload, generate and edit networks as well as accompanying
data (e.g., travel patterns or intersection controls). This web-based network editor is shown in Figure 5. The
editor shown in Figure 5a illustrates the network generation and editing process of the tool. By clicking on
the generate button in lower right corner, the back-end generates a random, rectangular or circular network.
This generated network can then be edited by selecting nodes or edges to fit the required characteristics.
Editing a network allows for specifying the number of lanes on each link as well as other regulation specific
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characteristics like the speed-limit. It is also possible to create a network from scratch by adding edges,
nodes and lane information in an interactive tool. These networks can then be named and saved in order
to be used in subsequent simulation experiment design process. The network editor shown in Figure 5b
shows a snippet of an existing network for visualization or editing if necessary. This edited network can
also be named and added to the personal collection of the user.

(a) Generated network Editor

(b) Real network Viewer

Figure 5: Web-based Network Editor
After the input data has been prepared, the modeling phase of creating a cloud-based simulation
experiment begins. For a traffic simulation, standard behavioural models can be parameterized in order
to create types. This includes textbook models like Intelligent Driver Model (IDM) and Gipps’ model.
These models can also be extended or different models for driving behaviour can be created. They have
the same signature as the existing models but internally the behaviour can be changed. This can be done in
a web-based text editor, while a parametrization of a model can be done in a more specialized editor. The
web-based editor can function as a code editor that allows the user to write high level C++ models and
test if they actually compile within the entirety of the simulation code. A basic web-based editor can be
seen in Figure 6a. The compilation test is done by invoking a docker container that compiles the modified
source code and returns the compilation status. Only models that pass the compilation test can be saved
to be used in a simulation experiment later.
The parametrization process is shown in Figure 6b, where the specialised drag-and-drop typing tool is
used to create driver or vehicle types. It starts with dragging a root model (driver or vehicle model) to the
empty canvas and then models from different categories that are fitting or necessary for the given model or
sub-model. This process can be repeated until only values need to be added to the model. There primitives
have to be chosen to reflect either a fixed value or a distribution of values (e.g., Normal, Gaussian, Uniform).
By selecting a primitive in the model type, the properties of this primitive can be changed (here the a
and b values of uniform distribution). This will also trigger a visual representation of the entered values.
Selecting a primitive or a model, a short description about the model and its characteristics is presented.
In order to save this type and also to find it later in the experiment design phase, a name has to be given.
Combining these types into a simulation run is done by using the experiment designer component of
the web-based application. Until now, the modeling was only done to the extent of creating types of vehicle
models or driver behaviour models. These models will now be used to create a heterogeneous population
of agents within the simulation, by combining different vehicle models with various driver models. The
browser-based application is split into three regions and is shown in Figure 7:
1. Run-time parameter consists of the simulation binary selection that is going to be run. This is
either a standard SEMSim simulation with minimum text-book models or a self-complied version
using the modeling section of the Cloud Service. In addition to selecting a simulation, a network
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(a) C++ high level modeling

(b) Model parametrization called typing

Figure 6: Modeling and type creation in browser
on which the simulation is to run has to be selected. Either a standardized public network can
be used or a network that has been modeled using the network editor (see above). This includes
not only one network file, describing the road network layout, but also a simplified network used
for route calculation as well as a traffic generation template. This template allows the simulation
to generate traffic specific for this city/region depending on the time and location of the travel
demands. Another critical parameter that needs to be configured first is the cloud resources that
are going to be used while running this experiment. This starts off with only 2 cores and can go all
the way up to 16 cores but could easily be extended to even more. It also determines the price of
a single simulation run. The minimal and maximal resources available are dependent on the CSP
specified as the preferred CSP in the user profile.
2. Experiment parameters are the general parameter that includes the simulation time, the number of
agents that will be generated and the number of replications that will be performed. The number
of replications has a large influence on the price of the simulation experiment. All replications are
executed simultaneously on different machines with the performance characteristic determined in
the run-time parameter section. The number of replications is very much necessary, since many of
the parameters used are of stochastic nature and a single simulation run, might not produce a usable
outcome. Once the simulation is about to start, a confirmation popup window is shown where the
estimated price and simulation time is shown. This information is preliminary and changes can
be seen in the live data section of the analysis part of the SEMSim cloud service once the actual
performance is measurable by the simulation run.
3. Population Generator (bottom part of Figure 7) uses the types (driver and vehicle) that have been
created using the typing tool and constructs a heterogeneous agent population. Since each agents
consists of a DVU, each agent profile consists of a driver type and a vehicle type, as well as a
percentage of the total agent population. A name for this agent profile has to be provided as well,
in order to later identify specific agent profiles within the simulation results.
Experimentation results are the most important aspect of every experiment run. Therefore, the data analysis
section is an important part of the SEMSim Cloud Service. It provides a simple interface to three types of
data. One is a live data stream of a specific state variable during the simulation. For a multiple simulation
runs executed simultaneously, a data stream of only one simulation is provided. The second data source is
the data that has been created during the simulation and marked to be outputted in the modeling phase. This
data is already statistically pre-processed. A third data type is the possibility of downloading all the raw
data that has been generated by the simulation and evaluating it externally. An exemplary screen shot can
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Figure 7: Web-base experiment Designer
be seen in Figure 8, where the population distribution over the simulation time as well as the performance
of the simulation is shown for a selected past simulation.
5

CONCLUSION

This paper provides a short exemplary tutorial on how a cloud-based simulation service for a large urbansystems simulation running on IaaS solutions should work. It uses an agent-based traffic simulation to
present the complexity of modeling traffic simulation agents, design experiments and allows access to
live and post-simulation results using a web-based interface that uses a RESTful API as the underlying
framework to communicate to a back-end service. The SEMSim Cloud Service provides researchers,
policy makers and traffic engineers with an easy-to-use solution to run large-scale simulations without the
necessity of investing in expensive computing infrastructure or computer science expertise to set up high
performance computing capabilities. The scalable nature of cloud computing resources from resources
with low computing capabilities, to high-performance compute nodes, enables the user to scale from a
rather inexpensive but long-running simulation experiment to a fast result-oriented research culture. The
authors are inviting interested parties to collaborate and test the platform in order to evolve the underlying
simulation engine, while at the same time investigate interaction methodologies for next generation research
tools.
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Figure 8: Analysis and data download section
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